Improve Generalisation?

Fine-tune with NVIB!
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What is Nonparametric Variational Information Bottleneck (NVIB) ?
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Now Fine-Tunable!
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Task: Text toxicity classification Task: Graph link prediction

Model: BERT-Tiny Model: BERT-Tiny

Data: CivilComments (OOD) Data: FB15k-237

Generalise to noise & language @ Data efficiency & robustness
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Read our paper! Use our code!
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